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Statistical Tests in R is designed to give you rapid access to one hundred of the most popular statistical tests. It shows
you, step by step, how to carry out these tests in the free and popular R statistical package.

It shows you, step by step, how to carry out these tests in the free and popular R statistical package. The book
was created for the applied researcher whose primary focus is on their subject matter rather than mathematical
lemmas or statistical theory. Step by step examples of each test are clearly described, and can be typed directly
into R as printed on the page. To accelerate your research ideas, over three hundred applications of statistical
tests across engineering, science, and the social sciences are discussed. More than moderately useful though
Just do it. By Dergie on Aug 01, Exactly what it says. If you know what test you want the book tells you how
to do it in R. Very clear expanation with examples. Output explained, including stored output. Wallach on Jul
24, This is a very good list of statistical tests. It provides some basic application and usage examples and then
an example of how to run the test in R. A knowledge of R is not required, but should of course be
reccomended Excellent book By Seth on Aug 25, provides information on a large number of statistical tests
and a review of the literature on when they were used. The book also explains the general purpose of the test
and identifies the R packages and commands that best implement them. Could have been better written By
Douglas W. Skinner on Feb 03, This book is a really good compendium of some important statistical tests. I
found it useful because it listed many I was unfamiliar with such as Unit Root tests. I would have loved a brief
mathematical synopsis which would save time digging in the literature. Also a bit more explanation of the
R-output would have helped as well. Important also would have been one or more links to actual data sets of
relevant data. The Kindle Edition gets you right to each test so you can move around quickly. This was a
tough book to rate. However, upon reflection and a careful re-reading of the introductory matter, I decided on
full marks. Rather, " Statistical Tests in R" provides a solid reference, with many worked examples, on
inference procedures that many scientists and researchers need. The R code appears to be up to date at time of
release, anyway , and package references are valid. An amazingly wide range of examples is shown, from
communicating with whales to stock trading, game theory to medical applications. My concerns are not with
the quality of the test procedures or the code. I tried quite a few of the procedures, and found them to be
functional and clear. I especially enjoy having more than one option even within a single test. I am always a
bit worried about efforts to enable sophisticated analyses and inference without sufficient context or support
for the less-sophisticated researcher, who is tempted to use the procedure as a "black box" and then believe
they know enough to decide and act. These concerns do not reduce the usefulness of this presentation of
statistical tests. His guidance is otherwise. This is good addition to other books, since it just lists all the tests
and provides a kind of recipe which one is appropriate. However, the layout is horrible, looks like a ebook was
just printed out. This book could be much much better and more useful if Font sizes and text layout were
chosen in a more thoughtful manner. Five Stars By Robert N. Nelson on Jul 18, perfect reference book.
Excellent compilation By J. Refugio Reyes Valdes on Jun 16, Practical reference of most important statistical
tests. Highly recommendend as reference manual. Very helpful book that compiles these tests in one spot
instead of spending time searching the internet. Tons of timed saved. A good work with room for
improvement By Amazon Customer on Apr 30, The book serves well as a reference point and a good source
for learning various statistical tests with their implementation in R. One needs some background in Statistics
and R to benefit from most of the book; the more the better. The author has organized each section
approximately as follows: Most important topics are covered and when applicable alternative tests are
presented. On the downside, there are few occasional typos and confusing errors example: One main problem
with this book is the lack of a general index at the end. The provided tests classification table on page 13 may
give a clue, but still not very useful when one is totally blind to a topic. Also, an index of R packages used in
the book would have been useful. Additionally, as another reviewers pointed out, I found the font sizes and
text layout on printed book somewhat inconvenient. Overall a good work with some room for improvement.
Must have book for practicing modelers who program in R By William Chiu on Oct 27, I purchased both the
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digital and paper versions of this book. Our team uses R on a daily basis to fit both linear and logistic
regression models. With the recent popularity of model risk management, formal statistical tests have become
a necessity for practicing predictive modelers. The book offers a one-stop-shop for the "greatest hits" of
formal hypothesis testing. Each test is organized as follows: It is more like a riddles By Abacus on Jun 15,
This could have been a useful compendium of a broad range of common and not so common statistical tests.
Granted, this material can be obtained for free by looking up each of the vignette at the R site for each of those
tests. As you know, those vignettes vary greatly in quality. Some are great and clear. Others are not so great
and not so clear. Thus, the author pretty clear style could have added value by providing a certain consistency
to the clarity of the codes necessary to run those tests. However, the author makes way too many errors in R
codes, tests description, test interpretation, and reference to the wrong packages for this book to earn a neutral
to good star rating 3 or above. Earlier, I had documented some of those errors out of the first 31 tests I had
studied through this book. You can see those documented errors in the following paragraphs. I found many
more errors as I went through all tests. I am not going to document them all for the sake of sanity within this
book review. But, you get my point. This book was not professionally edited by someone with the adequate
expertise in R to clean up this book. Within this paragraph, I document some of the errors I noticed within the
first 31 tests I studied throughout the book. Those are huge typos. R is confusing enough as is without being
lead explicitly down the wrong path. That is the wrong conclusion. This is far too stringent an alpha threshold
level for this type of test. Regarding the Spearman Rank Correlation test 2 , the coding of the Spearman test
using the "pspearman" package is incorrect. You have to embed the c function a couple of times to correct the
coding. Within the one sample t-test 12 , where you take a single observation of a sample and compare it to an
hypothetical mean, two of his examples are incorrect. Within pairwise t-test for difference in sample means, he
repeats the same mistake. One of the example illustrates a paired t-test he even names it correctly within the
specific example. But, paired t-test as described is a different testing framework than pairwise. Indeed, the
latter describe situations where you take two observations pre and post of the same sample. Within his
description of two sample t-test for the difference in means 15 , in one of the examples he describes a result as
having a p-value of This is not possible. The Jennrich test 8 had incomplete coding. You need to include the
sample size of n1 and n2. I recommend you try "R for Dummies" if you are looking The text makes references
to "over diagrams and figures. Also, the text has no layout or typographic differentiation to distinguish
between R code and narrative. The layout makes the text virtually unreadable. I recommend you try "R for
Dummies" if you are looking for a good book on the Kindle. Too many piles of statistics books Or at least to
add, as chapters heading1 the test area of interest and the to group the test inside. With the current book, you
have to go to page 13, then go to the index to find the pages and then go to the desired chapter. This particular
edition is in a Paperback format. It was published by CreateSpace Independent Publishing Platform and has a
total of pages in the book. To buy this book at the lowest price, Click Here.
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Chapter 2 : Statistical Tests: in R by Dr ND Lewis ()
Statistical Tests. This chapter explains the purpose of some of the most commonly used statistical tests and how to
implement them in R. 1. One Sample t-Test.

What statistical analysis should I use? Each section gives a brief description of the aim of the statistical test,
when it is used, an example showing the SPSS commands and SPSS often abbreviated output with a brief
interpretation of the output. You can see the page Choosing the Correct Statistical Test for a table that shows
an overview of when each test is appropriate to use. In deciding which test is appropriate to use, it is important
to consider the type of variables that you have i. About the hsb data file Most of the examples in this page will
use a data file called hsb2, high school and beyond. This data file contains observations from a sample of high
school students with demographic information about the students, such as their gender female ,
socio-economic status ses and ethnic background race. It also contains a number of scores on standardized
tests, including tests of reading read , writing write , mathematics math and social studies socst. You can get
the hsb data file by clicking on hsb2. One sample t-test A one sample t-test allows us to test whether a sample
mean of a normally distributed interval variable significantly differs from a hypothesized value. For example,
using the hsb2 data file , say we wish to test whether the average writing score write differs significantly from
We can do this as shown below. The mean of the variable write for this particular sample of students is We
would conclude that this group of students has a significantly higher mean on the writing test than One
sample median test A one sample median test allows us to test whether a sample median differs significantly
from a hypothesized value. We will use the same variable, write, as we did in the one sample t-test example
above, but we do not need to assume that it is interval and normally distributed we only need to assume that
write is an ordinal variable. Binomial test A one sample binomial test allows us to test whether the proportion
of successes on a two-level categorical dependent variable significantly differs from a hypothesized value.
Chi-square goodness of fit A chi-square goodness of fit test allows us to test whether the observed proportions
for a categorical variable differ from hypothesized proportions. We want to test whether the observed
proportions from our sample differ significantly from these hypothesized proportions. Two independent
samples t-test An independent samples t-test is used when you want to compare the means of a normally
distributed interval dependent variable for two independent groups. For example, using the hsb2 data file , say
we wish to test whether the mean for write is the same for males and females. Because the standard deviations
for the two groups are similar In other words, females have a statistically significantly higher mean score on
writing An overview of statistical tests in SPSS Wilcoxon-Mann-Whitney test The Wilcoxon-Mann-Whitney
test is a non-parametric analog to the independent samples t-test and can be used when you do not assume that
the dependent variable is a normally distributed interval variable you only assume that the variable is at least
ordinal. We will use the same data file the hsb2 data file and the same variables in this example as we did in
the independent t-test example above and will not assume that write, our dependent variable, is normally
distributed. Why is the Mann-Whitney significant when the medians are equal? Chi-square test A chi-square
test is used when you want to see if there is a relationship between two categorical variables. In SPSS, the
chisq option is used on the statistics subcommand of the crosstabs command to obtain the test statistic and its
associated p-value. Remember that the chi-square test assumes that the expected value for each cell is five or
higher. This assumption is easily met in the examples below. The point of this example is that one or both
variables may have more than two levels, and that the variables do not have to have the same number of
levels. In this example, female has two levels male and female and ses has three levels low, medium and high.
Please see the results from the chi squared example above. One-way ANOVA A one-way analysis of variance
ANOVA is used when you have a categorical independent variable with two or more categories and a
normally distributed interval dependent variable and you wish to test for differences in the means of the
dependent variable broken down by the levels of the independent variable. For example, using the hsb2 data
file , say we wish to test whether the mean of write differs between the three program types prog. The
command for this test would be: The mean of the dependent variable differs significantly among the levels of
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program type. However, we do not know if the difference is between only two of the levels or all three of the
levels. The F test for the Model is the same as the F test for prog because prog was the only variable entered
into the model. If other variables had also been entered, the F test for the Model would have been different
from prog. From this we can see that the students in the academic program have the highest mean writing
score, while students in the vocational program have the lowest.
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Chapter 3 : Statistical Tests - SAGE Research Methods
Rather, " Statistical Tests in R" provides a solid reference, with many worked examples, on inference procedures that
many scientists and researchers need. Usually they need them without all the theoretical trappings, and that's where this
book excels: "Just the tests, ma'am.".

Contents Statistical Tests This chapter explains the purpose of some of the most commonly used statistical
tests and how to implement them in R 1. One Sample t-Test Why is it used? It is a parametric test used to test
if the mean of a sample from a normal distribution could reasonably be a specific value. In above case, the
p-Value is not less than significance level of 0. In case, a normal distribution is not assumed, use wilcoxon
signed rank test shown in next section. To test the mean of a sample when normal distribution is not assumed.
Wilcoxon signed rank test can be an alternative to t-Test, especially when the data sample is not assumed to
follow a normal distribution. It is a non-parametric method used to test if an estimate is different from its true
value. Test and Wilcoxon rank test can be used to compare the mean of 2 samples. How to implement in R?
Pass the two numeric vector samples into the t. What if we want to do a 1-to-1 comparison of means for values
of x and y? Conventionally, If the p-Value is less than significance level ideally 0. Shapiro Test To test if a
sample follows a normal distribution. Lets see how to do the test on a sample from a normal distribution. Test
a normal distribution set. The null hypothesis here is that the sample being tested is normally distributed.
Since the p Value is not less that the significane level of 0. Therefore, the tested sample is confirmed to follow
a normal distribution thou, we already know that! Test a uniform distribution set. If p-Value is less than the
significance level of 0. Kolmogorov And Smirnov Test Kolmogorov-Smirnov test is used to check whether 2
samples follow the same distribution. Chi Squared Test Chi-squared test in R can be used to test if two
categorical variables are dependent, by means of a contingency table. You may want to figure out if big
budget films become box-office hits. There are two ways to tell if they are independent: By looking at the
p-Value: If the p-Value is less that 0. For 2 x 2 contingency tables with 2 degrees of freedom d. To find the
critical value of larger d. Correlation Why is it used? To test the linear relationship of two continuous
variables The cor. The null hypothesis is that the true correlation between x and y is zero. If the p Value is less
than 0. So in this case, we reject the null hypothesis and conclude that dist is dependent on speed. More
Commonly Used Tests fisher. The package lawstat has a good collection. The outliers package has a number
of test for testing for presence of outliers.
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Chapter 4 : Statistical Tests in R by N.D Lewis
Probability and Statistics for Science and Engineering with Examples in R, 2th Edition ðŸ“šProbability and Statistics for
Science and Engineering with Examples in R, 2th Edition - Hongshik AhnðŸ‘‡ Download Link (((speed4up))).

Early use[ edit ] While hypothesis testing was popularized early in the 20th century, early forms were used in
the s. Ronald Fisher began his life in statistics as a Bayesian Zabell , but Fisher soon grew disenchanted with
the subjectivity involved namely use of the principle of indifference when determining prior probabilities , and
sought to provide a more "objective" approach to inductive inference. Neyman who teamed with the younger
Pearson emphasized mathematical rigor and methods to obtain more results from many samples and a wider
range of distributions. Fisher popularized the "significance test". He required a null-hypothesis corresponding
to a population frequency distribution and a sample. His now familiar calculations determined whether to
reject the null-hypothesis or not. Significance testing did not utilize an alternative hypothesis so there was no
concept of a Type II error. They initially considered two simple hypotheses both with frequency distributions.
They calculated two probabilities and typically selected the hypothesis associated with the higher probability
the hypothesis more likely to have generated the sample. Their method always selected a hypothesis. It also
allowed the calculation of both types of error probabilities. The defining paper [34] was abstract.
Mathematicians have generalized and refined the theory for decades. Neyman accepted a position in the
western hemisphere, breaking his partnership with Pearson and separating disputants who had occupied the
same building by much of the planetary diameter. World War II provided an intermission in the debate.
Neyman wrote a well-regarded eulogy. Great conceptual differences and many caveats in addition to those
mentioned above were ignored. Sometime around , [41] in an apparent effort to provide researchers with a
"non-controversial" [43] way to have their cake and eat it too , the authors of statistical text books began
anonymously combining these two strategies by using the p-value in place of the test statistic or data to test
against the Neymanâ€”Pearson "significance level". It then became customary for the null hypothesis, which
was originally some realistic research hypothesis, to be used almost solely as a strawman "nil" hypothesis one
where a treatment has no effect, regardless of the context. Set up a statistical null hypothesis. The null need
not be a nil hypothesis i. These define a rejection region for each hypothesis. Report the exact level of
significance e. If the result is "not significant", draw no conclusions and make no decisions, but suspend
judgement until further data is available. If the data falls into the rejection region of H1, accept H2; otherwise
accept H1. Note that accepting a hypothesis does not mean that you believe in it, but only that you act as if it
were true. Use this procedure only if little is known about the problem at hand, and only to draw provisional
conclusions in the context of an attempt to understand the experimental situation. The usefulness of the
procedure is limited among others to situations where you have a disjunction of hypotheses e. Early choices of
null hypothesis[ edit ] Paul Meehl has argued that the epistemological importance of the choice of null
hypothesis has gone largely unacknowledged. When the null hypothesis is predicted by theory, a more precise
experiment will be a more severe test of the underlying theory. When the null hypothesis defaults to "no
difference" or "no effect", a more precise experiment is a less severe test of the theory that motivated
performing the experiment. Pierre Laplace compares the birthrates of boys and girls in multiple European
cities. Karl Pearson develops the chi squared test to determine "whether a given form of frequency curve will
effectively describe the samples drawn from a given population. He uses as an example the numbers of five
and sixes in the Weldon dice throw data. Karl Pearson develops the concept of " contingency " in order to
determine whether outcomes are independent of a given categorical factor. Here the null hypothesis is by
default that two things are unrelated e. If the "suitcase" is actually a shielded container for the transportation of
radioactive material, then a test might be used to select among three hypotheses: The test could be required for
safety, with actions required in each case. The Neymanâ€”Pearson lemma of hypothesis testing says that a
good criterion for the selection of hypotheses is the ratio of their probabilities a likelihood ratio. A simple
method of solution is to select the hypothesis with the highest probability for the Geiger counts observed. The
typical result matches intuition: Notice also that usually there are problems for proving a negative. Null
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hypotheses should be at least falsifiable. Neymanâ€”Pearson theory can accommodate both prior probabilities
and the costs of actions resulting from decisions. The latter allows the consideration of economic issues for
example as well as probabilities. A likelihood ratio remains a good criterion for selecting among hypotheses.
The two forms of hypothesis testing are based on different problem formulations. In the view of Tukey [50]
the former produces a conclusion on the basis of only strong evidence while the latter produces a decision on
the basis of available evidence. While the two tests seem quite different both mathematically and
philosophically, later developments lead to the opposite claim. Consider many tiny radioactive sources. The
hypotheses become 0,1,2, There is little distinction between none or some radiation Fisher and 0 grains of
radioactive sand versus all of the alternatives Neymanâ€”Pearson. The major Neymanâ€”Pearson paper of
[34] also considered composite hypotheses ones whose distribution includes an unknown parameter.
Neymanâ€”Pearson theory was proving the optimality of Fisherian methods from its inception.
Neymanâ€”Pearson hypothesis testing is claimed as a pillar of mathematical statistics, [51] creating a new
paradigm for the field. It also stimulated new applications in statistical process control , detection theory ,
decision theory and game theory. Both formulations have been successful, but the successes have been of a
different character. The dispute over formulations is unresolved. Statisticians study Neymanâ€”Pearson theory
in graduate school. Mathematicians are proud of uniting the formulations. Philosophers consider them
separately. Learned opinions deem the formulations variously competitive Fisher vs Neyman , incompatible
[32] or complementary. The terminology is inconsistent. Hypothesis testing can mean any mixture of two
formulations that both changed with time. Any discussion of significance testing vs hypothesis testing is
doubly vulnerable to confusion. Fisher thought that hypothesis testing was a useful strategy for performing
industrial quality control, however, he strongly disagreed that hypothesis testing could be useful for scientists.
The two methods remain philosophically distinct. The preferred answer is context dependent. Much of the
criticism can be summarized by the following issues: The interpretation of a p-value is dependent upon
stopping rule and definition of multiple comparison. The former often changes during the course of a study
and the latter is unavoidably ambiguous. Rather than being wrong, statistical hypothesis testing is
misunderstood, overused and misused. When used to detect whether a difference exists between groups, a
paradox arises. As improvements are made to experimental design e. To minimize type II errors, large samples
are recommended. In psychology practically all null hypotheses are claimed to be false for sufficiently large
samples so " Casting doubt on the null hypothesis is thus far from directly supporting the research hypothesis.
While it can provide critical information, it is inadequate as the sole tool for statistical analysis. Successfully
rejecting the null hypothesis may offer no support for the research hypothesis. The continuing controversy
concerns the selection of the best statistical practices for the near-term future given the often poor existing
practices. Critics would prefer to ban NHST completely, forcing a complete departure from those practices,
while supporters suggest a less absolute change. The American Psychological Association has strengthened its
statistical reporting requirements after review, [68] medical journal publishers have recognized the obligation
to publish some results that are not statistically significant to combat publication bias [69] and a journal
Journal of Articles in Support of the Null Hypothesis has been created to publish such results exclusively.
Major organizations have not abandoned use of significance tests although some have discussed doing so.
Chapter 5 : EstadÃsticos e-Books & Papers: Statistical Tests In R
Statistical Tests in R is designed to give you rapid access to one hundred of the most popular statistical tests. It shows
you, step by step, how to carry out these tests in the free and popular R statistical package. The book was created for
the applied researcher whose primary focus is on.

Chapter 6 : Statistical Tests
This chapter covers some of the most commonly used statistical tests 1. Shapiro Test: Testing for normality. Why is it
used? To test if a sample follows a Normal distribution.
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Chapter 7 : Books by N.D Lewis (Author of Statistical Tests in R)
Billion make less than $2 a day - How lucky are you? Interesting statistical video.
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Statistical Tests In R - In this site is not the thesame as a solution manual you buy in a baby book store or download off
the web. Our more than 8, manuals and Ebooks is the reason why customers keep coming.

Chapter 9 : What statistical analysis should I use? Statistical analyses using SPSS
Covers all the most commonly used tests with information on how to calculate and interpret results with simple datasets.
Each entry begins with a short summa.
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